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Friction induced vibrations
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Data-driven stability maps

brake noise

system stability

neural networks are a powerful tool for the prediction of

Now: exploit data-based models for systematic study of
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Work flow
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Model deployment:
Stability map computation
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Input/output data
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Physics-informed data-augmentation
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Stability map generation
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Stability map generation

stability map
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Stability map validation
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Stability maps
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Stability maps
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Stability maps
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Basis sample points with qualitatively similar behavior result in similar

bifurcation maps

- Maps are not biased by max. rotational velocity of basis sample
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Stability maps

max. rotational velocity [1/min]

Qualitatively different behavior in sample points results in different bifurcation

maps

-> Detection of hidden mechanisms/responsible dimensions possible!
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Summary & outlook
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= systematic study of hidden driving parameters

= computation of probability bifurcation maps
based on a large number of similar samples
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